Data Mining with WEKA




WEKA 7

m \/Valkato=nvironment for<nowledge” nalysis

m A Collection of Machine Learning algorithms for
data tasks.

m WWEKA contains tools for data — pre-processing,
classification, regression, clustering

associlation rules.



Start with WEKA

1)Get the WEKA program on the web
http://www.cs.waikato.ac.nz/ml/weka/
2)set the CLASSPATH
system environment variables;
variable name: CLASSPATH
variable value(e.g c:\Program Files\weka-3-4)




"
Prepare the Data Set

Need to convert ARFF format
1. Data can be load to excel spreadsheet
2. Save this data in comma-separated format (CSV)
3. Load this file into Micro Word
4. Make beginning of the ARFF file.
-@ relation ( title)
-@ attribute (data type)
-@ data




Load into Excel

Microsoft Excel - Book1

P Ey MWECE) HIW SR M0y =Ty OOIECDy =0y EEEHY) Adobe
DeEeEsS8 &GV $8 - @& -2 @@ ? ==
e ER
A2 - 2
Pl B C D E F

1 53 male twp_angina 233 no not_present
= G7 male asvmpt 226 wes present

3 G7 male asvmpt 229 wes present

4 32 female non_angina 7 no not_present
=) 53 male twp_angina 233 no not_present
] A0 male asvmpt 286 wes present

T G2 female asvmpt 229 wes not_present
= 32 female non_angina 223 no not_present
9 B3 male twp_angina | Y WES not_present
10 &7 female asvmpt ! WES present

11 G7 male asvmpt 229 wes present

12 38 female non_angina 283 no not_present
135 53 male twp_angina 233 no not_present
14 29 male twp_angina 233 no present

15 &7 male asympt 229 ves present

16 32 female non_angina 7 WES present

17

12




Save as the CSV file format

A, B C B E F [ H
1 53 male twp_angina 233 no not_present
= BT male asyvmpt 226 ves present
3 BT male asympt 229 wves present
Fil 32 female non_angina 7 no not_present
5 53 male twp_angina 233 no not_present
5 A0 male asympt 226 ves present
K 52 female asyvmpt 229 ves not_present
2 38 fems = =0 =t 7 2
g 63 mald = OIS25 A& 2JE3
10 BT fems EA e ALY |.D kAy Docurments j & [ - E33(L)~-
11 67 male [CIFIFA 2005
12 38 fems é] =My eBooks
13 53 malg MNE = My Music
14 29 malg - .ﬂMy Pickures
15 57 | mals @ My Received Files
16 32 femsd [Ty waary
17 DDE:ITIB‘I nts My Webs
12

22
23 *
24 SAHE
25
56 gé I O1=(M): [Bookl =1 | =) |
=
o7 LS W EaI [CoV (R EE 22D - | |
oo i = I e i = — —1
g Microsoft Excel 5, 095 E€F 2 A
Microsoft Excel 97-2002 & b, 0/95 Egr =AM
30 CeW S e = 21} e
=1 TATCroson Excel 4.0 5 =T ATE
— - - - - Microsoft Excel 30 2|3 AE




Load into MS word

=] output (S 2] ™ =) - Microsoft Word
oI CED m = (ED =Rl | patp=d R ] Ad 2=y =0T FE A Z=H{ W =
O = e | & (& & g B B =T | <2 - o= - | H 3 EE
HE 2 HAE S D=2 - EAMSI~ | &> 2 & - 2r - | a3~ 2 =L

[ q = 4 & = 10 1z 14 16 13 z0 zz =4 zE z=

E3.male., twvp_angina,2335. nu nDt —present+!
E7.male ,aswmpt , 206, ves, Dresent#

BV . male, asvympt . =229 . ves,. present

358, female. non_anginal .7 . no.not _present«
EZ.male, tw_angina . 233, no,. not _presents
A0, male .aswmpt , 286, ves . present+

BZ. female.asvmpt . 229, ves . not_present«

S5, female.non_anginal . 2253 no, not _presents+
ES.male, twvww_angina.?.ves.not_presents+

57, female.asvmpt. ¥ .ves, present+

E7Y.male, asyvmpt . 229 . ves, present+!

35, female.non_anginal . 283, no. not _present+«

B3 . male,. tvp_angina.233. no,. not _present+«

LRI N N I A - N N R

9. male (twp_angina,. 2035, no,. present <



Make other parts..
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"
WEKA only deals with ARFF files

heart-disease-simplified

age numeric

sex { female, male}

chest_pain_type { typ_angina, asympt, non_anginal,
atyp_angina}

cholesterol numeric

exercise_induced_angina { no, yes}

class { present, not_present}

@R @O®® ®

®

63,male,typ_angina,233,no,not_present
67,male,asympt,286,yes,present
67,male,asympt,229,yes,present
38,female,non_anginal,?,no,not_present



‘8086

Welcore to the WEKA SimpleCLT

nds in the textfield at the botto:

Use the up a
through previcus command

> help

nd rust be one of:
java <classnames <args>
break

kill

cls

Carm,

help <com:

806

Weka Experiment Environment

M O & Weka GUI Chooser

[setup | Run | Anaiyse |

Experiment Configuration Mode:

® simple

O Advanced

(¢ Open... DE & Save... DE & New )
Resuls D

JDBC database [#) URL: jdbc: Browse... ‘
Experiment Typ Heration

Cross-validation [#) || Number of repetitions: 10

Number of folds: 10 ® Data sets first

@ Classificati O Regression O Algorithms first.

g
Add new... ) ( Deleteselected ) || Add new... DE¢ Delete selected )

(] Use relative paths

148-C025-M 2

/Users feibefDocuments /datasets /UCI iris.arff
/Users /eibe/Documents /datasets /UCI /vote.arff
/Users /eibe/Documents /datasets /UCI/glass.arff

Naiveayes

NeuralNetwork -L 0.3 -M 0.2 -N 500 -V 0-S0-E20-H a

™

Waikato Environment for
Knowledge Analysis

(c) 1999 - 20013
University of Waikato
MNew Zealand

806

Weka Knowledge Explorer

[ Preprocess | Classify | Cluster | Associate | Select attributes | Visualize |

( Openfile.. )

( OpenuRL. ) (  OpenDB.. )

Undo

E )

ave...

‘  Choose )‘Nnne

e

Gul

Explorer

SimplecLl [
Experimenter j

™

[ KnowledgeFlow

)
%

i
-

Relation: iris Name: sepallength Type: Numeric
Instances: 150 Attributes: 5 Missing: 0(0%)  Distinct: 35 Unique: 9 (6%)
Statistic Value
No. —— Name ;;
1sepallength X
2sepalwidth Mean 5.843
3 petallength StdDev 0828
4 petalwidth
sclass
Colour: class (Nom) %) ( Visualize Al
oK
eoe Weka KnowledgeFlow Environment

@

®

¢

Knowledge Flow Lay

testSet
trainingSet
»

testSet

trainingSet o,
id

dataser %
>

& e

(o]

ChClassifier

TextViewer

Done.




" I
Preprocessing the data

m Integration from different sources
m The Data must be assembled, integrated, and cleaned up

m Pre-processing tools in WEKA are called “filters”

m \WEKA contains filters for:

Discretization, normalization, resampling, attribute
selection, transforming and combining attributes, ...



With numeric data (lris.arf

% Weka Explorer

Preprocess | Clagsify | Cluster || Associste | Select sttributes | Yisualize

[ Open file . ] [ Dpen URL. .. ] [ Open DB Save. .. ]
Fitter
Current rel s Selected attribute
Relation: iris Mame: petallendgth Type: Murmeric
Ihstances: 150 Attributes: 5 Mis=sing: O (03] Distinct: 43 Unigue: 10 [7%)
Attributes Statistic “alue
o Pa— Mlnlr.num 1
1 |sepallength dgzirmum 5.9
] T Wean 3.759
g || |StoDey 1.764
4 petalwicth
S|lclass
Colour: class (Morm) b |[ “izualize All

Status

I Log .w.. =0




Select Discretize filter

@ Weka Explorer

=Ja/ed

Preprocess | Classify " Cluster " Azzociate " Select attributes " “izualize

[ Cpen file... ] [ Open URL ... ] [ Open DE...

—Filter

W]oTelal

Save... ]

] weeka -~

[ 2eery

SlE ] fitters

—Selected attribute

Mame: petallencth
Mis=sing: 0 (0%

Ml = ] unsupervised
= ] attribute
Ao

Diiztinct: 43

Twpe: Mumeric
Unigue: 10 [735)

AcdCluster
AdoExpression

Statistic
tdirirmrm

walue
1

Addhloize (Y Pr——

5.9

ClustermMember=ship Mean

3.799

Copy StdDew

1.764

Discretize
FirstOrder

hakelndicator

MergeTwovalues

MorninalToBinaty Colour: class (Morm)

“ |[ “isualize Al

Mormalize
MMumericToBinary
MumericTranstform
Ohbfuscate
PHIDiscretize
FRandomPraojection
Remave
FemoveType
Removelseless
Feplacemizsing  alues i

37

IEEEEREEEEREREERE R R SRR,

3 as

Status
’7 [9].9




Changed to nominal data

& Weka Explorer.

Preprocess |Classify Cluster | Asszociate | Select attributes || YWisualize

[ Open file. .. ] [ Open URL .. ] [ Open DB. .. ] [ Lnda ] [ Sawve. .. ]
Filter
Discretize -E 10 -M -1 .0 -F first-last Apply
Current relation Selected sttribute
Relation: iriz-weka fiters unsupervized attribute Dizcretize-B10-h-1 .0-... Mame: petallencdgth Type: Morminal
Instances: 150 Attributes: 5 Miz=ing: O (0% Distinct: 9 Unigue: 0 [0%:]
Attributes Lakel Count
Mo Farme '[-inf-1.597 =r -~
1 |zepallength :':1 29-2.1 8]: 13
2|zepalwicth (2.18-2.77] o
=Y th (2. F7-3.36] 3
4 petalwih '[3.536-3.95] 5 B
Slolass [3.95-4.54] 26
4.54-5135] 29 o

Colour: class (Mom)

o |[ Wizualize All

a7
0
6
13
13
11
&
5
3 -
] |

Status
a4

R




Filtering using CLI (Iris.data)

=%
Welcome to the WEEA SimpleCLlI
Enter commands in the textfisld at the bottom of

the window. Use the up and down arrows to move
through previous commands.

= help

Command must be one of !
Java <classname> <args>
brealk
kill
cls
2t
help <command>

= jawva weka.filters unsupervised.attribute.Discretize —i iris.arff -0 irisnom.arff -B 10 -M 1.C

-1 source —0 object file

<]
fava weka filters. unsupervised, attribute, Discretize =i iris.arff —o irisnom.arft B 10 - 1.0 -F 1-5




Assoclation (weather.nominal.ar

2 Weka Explorer

| Preprocess " Classify " Cluster | Azsociate | Select attributes " “isualize

—Associstor
= weka. gui. GenericObjectEditor

weeka associations Apriori

—FRe=ul list rig

About
’7Finds association rules.

detts | 005 |

lowwerBoundiinSupport | oA |

metric Ty pe |Confidence b |

rinkdstric | 0.9 |

numRules | 10 |

removelliizsingCols |False R |

sighificancelewvel | -1.0 |

upperBoundiinSupport | 1.0 |

[ Cpen. ] [ Save. . ] [ Ok ] [ Cancel ]

Status
o Lon | g x°




»
Associlation -result

m Best rules found:

1. humidity=normal windy=FALSE 4 ==> play=yes 4 conf:(1)

2. temperature=cool 4 ==> humidity=normal 4 conf1l)

3.

4. humidity=normal 7 ==> play=yes 6 conf:(0.86)

5. play=no 5 ==> humidity=high 4 conf:(0.8)

6. windy=FALSE 8 ==> play=yes 6 conf:(0.75)

7. play=yes 9 ==> windy=FALSE 6 conf:(0.67)

8. play=yes 9 ==> humidity=normal 6 conf:(0.67)

9. humidity=normal play=yes 6 ==> windy=FALSE 4 conf:(0.67)
10. windy=FALSE play=yes 6 ==> humidity=normal 4 conf:(0.67



Classification — voting records

2 Weka Explorer

| Preprocessl Classify | Cluster " Associste " Select attributes " “isualize

—Clazsifier

] weka |
M| = ) classifiers
[l hayes e output
] functions
] lazy

| meta

| misc

[ trees

[ rules

ConjunctiveRule
DecizionTakble
Pkge

CneR

PART

maRules

Prism

Ridar

JRip

0 & E B

(AR R R R R RN N

LeroR

Status
IVOK Log w =0




Classification - zeroR

@ Weka Explorer

B|=1%

~Clazsifier

| Preprocessl Clazsify | Cluster || Aszociate || Select attributes || “isualize

[ Choose ]|ZerDR

~Test options
() Use training set

—Result list (right-click for options)

) Supplied test set Set. .
(#) Crozs-validstion  Falds | 10
{1 Percentage split
[ More options... ]
Mo Class_Marme M
Start Stop

16:29:29 - rules. LZeroR
16:29:39 - rules FeroR

—Classifier output

Correctly Classified Instances
Incorrectly Classified Instances
Kappa statistic

Mean absolute error

Root mean squared error

Relative absolute error

Root relative squared error
Total Humber of Instances

=== [etailed dccuracy By Class ===

TP Rate FP Rate Precision PRecall
1 1 0.614 1
1] 1] 1] 1]

=== Confusion Matrix ===

a b < classified as
267 0O a = democrat
1688 0] b = republican

267
165

0.4z

0.4369
100 4
100 4
435

F-Measure
0. 761
1]

[~
B1.3793 ¥
35,6207 ¥
Class
democrat
republ ican
[ae]

Status
’7 iy




Classification -oneR

@ Weka Explorer

M=)

| Preprocess | Classify | Cluster " Associate " Select attributes " wisualize

—Classifier

[ Choose ]|0neR-E=5

—Test optiohs —Classifier output
() Use training sst
} Correctly Classified Instances 416
© Supplied test set S Incorrect Iy Classif ied Instances 19
(¥) Cross-walidation  Folds |10 Kappa statistic 0.9038
O Percertage spit Mean absolute error 0.0437
Root mean squared error 0,209
[ hore options... ] Relative absolute error 9.21 %
Root relative squared errar 42,9237 %
(Mom) Class_Mame M Total Number of Instances 435
Start Stop === [etailed Accuracy By Class ===

—Result list (right-click for options)
16:29:29 - rules LeroR
16:29:39 - rules ZeroR
16:35:00 - rules . OneR

TP Rate FP Rate Precision Recall F-Measure
0.948 0.03 0.981 0.948 0.964
n.97 0.0s2 0.921 n.97 0.945

=== Confusion Matrix ===

a b < classified as
283 14 a = democrat
B 163 | b = republican

95,6322 X
4.3678

Class
democrat
republican

Status
’7 (8,4




Classification —J48

& Weka Explorer

| Freprocess | Clazsify | Cluster | Associate | Sslect stiributes | Visuslize

—Claszsifier

[ Choose ]|J43 £0.25 M2

—Test optiohs
() Use training set
() Supplied test =t Set...
(®) Cross-validstion  Folds | 10

(3 Percentage split

[ More options ...

(Mom) Class_Mame

Start Stop

—Result list (right-click for options)

16:29: 29 - rules . LeroR
16:29:39 - rules.ZeroR
16:35:00 - rules. OneR
16:35: 435 - trees J45

—Classifier output

Correct |y Classified Instances
Incorrect Iy Classified Instances
Kappa statistic

Mean absolute error

Root mean squared error

Relative absolute error

Root relative squared error
Total Mumber of Instances

=== [etailed fdccuracy By Class ===

TF Rate FP Rate Precision Recall
n.97 0.045 0.97 n.9?
0.952 0.03 0,952 0.952

=== Confusion Matrix ===

a b <-- classified as
Ze9 8 | a = democrat
g 160 | b = republican

419

16
0.9224
0.0611
0.1748
12,887 %
35,9035 %

435

F-Measure
n.97
0.952

96.3218 %
3.6782 %

Class
democrat
republ ican

Status
IVOK




Decision Tree from J48 result

@ Weka Explorer

M=%

‘ Preprucessl Classify I Cluster || Agsociate || Select stiributes || Yisualize

[ Classifier

[ Choose ”.M& -C025-M2

 Test options

() Use training set

() Supplied test set Set...
(#) Cross-validation  Folds
#

[ More options... ]

() Percentage spitt

(Mom]) Class_Name H

Statt Stop

| Result list (right-click for options)

16:29:29 - rules ZeroR
16:29:39 - rules ZeroR
16:35:00 - rules OneR

~Classifier output

16:38:43 - trees ™

Save resultt buffer

View in main swindow

View in separate window

Correct ly Classif ied Instances
Incorrect 1y Classified Instances
Kappa statistic

Mean absalute error

Root mean squared error
Relative absolute error

Root relative squared error
Total Mumber of Instances

=== letailed Accuracy By Class ===

TP Rate FP Rate Precision Recal
0.97 0.048 0.97 0.57
0.952 0.03 0.952 0.952

atrix ===

classified as

Load macle!

Save model

Re-gvaluste model on current test set

= democrat
= republican

413
16
0.9224
0.0611
0.1748
12.887 %
35,9085 ¥
435

F-Heasure
0.57
0.952

96.3218 8
3.6762 8

Class
democrat
republ ican

&5 Weka Classifier Tree Visualizer: 16:38:43 - trees. J48 (vote_record)

(=1

Status
OK Yisualize classifier errors

Yisualize tree

rTree View




Cluster (Iris.ARFF data)

@ Weka Explorer

| Preprocess || Clagsify | Cluster | Azsociate || Select attributes || “isualize
—Clusterer

L vweka " |
L= ] clusterers It

Clusterer output

FarthestFirst
MakeDensityEBasedClusterer

LR R R R

(| (||

Status
’7 o Log




luster — k-means

ﬁ% Weka Explorer

=<}

| FPreprocess || Classify | Cluster | pssociste " Select attributes " “izualize

—Clusterer

[ Choose ]|SimpleKMeans -M 2 -510

—Cluster made
(%) Use training ==t
() Supplied test zet
() Percentage split
() Claz=ses to clusters evaluation
(Mo class

Store clusters for visualization

(=151

[ Ignore attributes

[ Start

Stop

—Re=sult list (right-click fo 1=

23:22:10 - SimpleKMeans

—Clusterer output

kMeans

Cluster centroids:

Cluster O
Mean/Mode:
3td Dews:

Cluster 1
Mean/Mode:
3td Dews:

Clustered Instances

0 100 [ &Y%
1 B0 33¥)

Mumber of iterations: 2

6,262 2.8Y2 4.906 1.676
0.6625 0.3328 0.8266 0.4245

5,006 3.413 1.464 0.244
0.3526 0.3581 0.1735 0.10%2

¢

Status
[ =] 4

S




K- means: numClusters to

=5 Weka Explorer

| Preprocess || Classif'fl Cluster | ps=ociste " Select attributes " Yisualize

-JB/Es

—Clusterer

Choose % weka.gui. GenericObjectEditor

B0=13<]

—Cluster mode —{| »weka clusterers Simplekheans

(#) Use trainin "About

) Supplied tl| | Cluster data using the k means algorithm
() Percertag
st 3
() Classes tg i
seed 10
Stare clus [ - 1 [ -
open. . ] [ Save.. [ =ave the current configured object I_]
[ Ighiore: attributes Mean/Mode: 6.262 2.872 4.906 1.676
3td Dews:  0.6628 0.3328 0.8256 0.4248
[ Start ] iz Cluster 1
—Result list (right-click far options) Mean/Mode: &.006 3.418 1.464 0,244
3td Dews:  0.3525 0,381 0.1735 0.1072

23:22:10 - SimplekMeans

o

100 o EY%)
50 [ 353%)

Clustered Instances

Status
’7 QI




"
K — means clustered to 3 grou

& Weka Explorer E]@

Preprocess | Clazsify | Cluster | szsociate | Select attributes | Wisualize

Clusterer
SimpleKMeans -M 3 -5 10
Cluster mode Clusterer autput
(%) Uze training set Number of iterations: 10 '\

Supplied test set .
O Cluster centroids:

() Percentage split

() Clazzes to clusters evaluation Cluster 0
Mean/Made: 6.7038 3.0635 5.4673 1.9769

S5td Dews:  0.5217 0.273 0.6164 0.3135

Store clusters for visualization Cluster 1
Mean/Mode: 5,006 3.418 1.464 0,244
’ lgnare sttributes Std Dews:  0,3525 0.351 0.1735 01072
Cluster 2
’ Start MeansMode:  5.7833 2.6646 4.2975 1.36
Result list (right-click Tor options) 3td Dews: 0.4244 0.2605 0.5452 0.2643

232210 - Simplekheans

23:27:28 - Simplekieans Clustered Instances

1] 52 ([ 35%)
1 50 { 33%)
2 48 [ 32%)

Status

ok Log ’#}, =0




Visualization of clustering

“% Weka Clusterer Visualize: 23:30:57 - EM (iris)

=[x )

X petallength (R

Colour: Cluster (Mom)

w | % Instance_number (R

w | |[Select Instance

clear ||

Save

Plot: iris_clusterad

Clazzs calour

clustern

cluzsteri




useter — CobWeb

& Weka Ex plorer

| Preprocess " Classifyl Cluster | Azsociate " Select attributes " “isLalize

m[=]x

—Clusterer

[ Choose ]|Cohweh =& 1.0 -2 0002520947917 7387815

& Weka Classifier Tree Visualiz... [__][E]ﬁ]

rTrees Yiew

rCluster mode
(#) Use training set
() Supplied test set
() Percentage split
() Classes to clusters evalustion
Mo class

Staore clusters for visualization

—Clusterer output

=== Evaluation on trainin
Set...

% | BB Mumber of merges: 2
Humber of splits: 2
Humber of clusters: 4

node O [150]

| leaf 1 [50]

[ Ignore attributes

a1 G| ar2 @o) teara 6o

GE=>

] node 0 [150]

[ Start

| leaf 2 [50]
Sia[y node O [150]

—Result list (right-click far optians)

234455 - Cobweeb

| | leaf 3 [50]
I

Wign I mEin winicdosne
Wiewy in separate window

Save result butfer

Load moadel
Save model

Re-evaluate model an current test set

“izualize cluster assignments

Status
’7 Ok

YWisualize tres

Liog # x 0




Experiment — add DataSet

2 Weka Experiment Environment

Setup | Run " Analyse |

teration cantral
|7 Data sets first

—Datazets

l Addd newr . ]

[] u=e relative paths

—Motes

hy Documents

My Computer

£

=t ok

¢

B experiment2

e experimertd

B |abor

- e cpu

e zovbean

e wveather

= wveather nominal

Experiment Configuration kMode: ) Simple (#) Advanced
[ Dpen. .. ] [ Save... ] [ e ]
—Destination
[ choose | cswresuttiistener o fEotk=tel|
Result generator H 2 2R () vveka-3-4 ~| == |
[ Choose ]|Randnm3plitResultPr|:| -é I dsta :I
| I doc |
Runs Di=t My Recent L) splitEvalutorcut ||
Frorm: | 1 | To: | 10 | [l Documents e _resultt0]
—= - cortact-lenses
L_ o cpu |
Desktop - experimentl

org 0l&: | iriz.arff

o =5 |Arff data files




Experiment - destination

= Weka Experiment Environment

Setup | RLn " Analysel

Experiment Configuration Mode: ) Simple (#) Advanced

[ open... ] [ Save... ] [ Pe ]

Destination

weeka |
= ] experiment
F # DatabaseResultLlistensr

alutorOut. zip A weka experiment ClassifierSpltEvalustor -- 0 weks classifiers rules ZeroR |

|: —enerator properties

Dizabled e Select property .

o ] Cant edit

1
L

|*




Experiment —lassi

2 Weka Experiment Environment

fying algorithm

Setup | Run || Analyse |

Experiment Configuration Mode: () Simple

&) Advanced

[

Qpen... Save...

J

Plewny ]

—Destination

[ Choose ]|InstancesResultListener -0 experiment! arff

—Result generator

[ Choose ]|Rﬂndnm5plitREsultPrnducer -P BE.0 -2 gplitEvalutorout . Zip W wweka . experiment .Class

Distribute experiment

[l

Run=
[ Frorm: |1 | To: |1EI |

Hosts

Gehnerator properties

Axvgilable properties
4 outpLtFile
# randomizeData

By data set

% raweOutput

Ev run

Enahled

(%) Data set= first

teration control
’7 () Custorm generator first

—Datasets

[

Uze relative paths

Aol nes Delete =elected

I

= [ ] splitEvalustor
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Experiment-multiple scheme

2 weka Experiment En¥ironment |:||E||E|

Setup | Run " Analyse |

Experiment Configuration hMaode: () Simple (&) Advanced

[ Dpen. .. ] [ Save... ] [ ey ]
Destination

[ Chooge ]|InstancesResultLis‘tener -0 experitnent1 arff |

—Result generator

[ Choose ]|Random3plitResultProducer -P 66.0 -0 spltEvalutorOut zip W weka experiment ClassifierSplitEvaluator -- W weka classifiers . rules . ZeroR |

Run= Distribute experimert——————————————————— - Generator properdies
|7 Frarm: | 1 | To: | 10 | |:| Haosts
|Enab|ed - | [ Select property ... ]
By data set By run
teration control e |°“3R -BE& el
’7@ Data sets first (» Custom generatar first
—Datasets
[ Al newye ] [ Delete =elected
Us=se relative paths
|C:'I.F'rogram Files%eka-3-4ris arff Delete
—Mote=s
L
-




Experiment -run

2 Weka Experiment Environment
| Setup | Run | Analyss |

[ Start Stop

E |
| I
4| 15:01:46: Started
Y | 15:02:04: Started
15:02:04: Finished
15:02:04: There were 0 errors

1 —Status

Mot running




Experiment - analysis

& Weka Experiment Environment

| Setup " Hunl Analyse

—Source
ot 30 results [ File ... ] [ Database .. ] [ Experiment ]
—Configure test : ~Test output
Fow key fields [ Select keys... ] Analwsing: Percent_correct
Datasets: 1
Run field |Ke',-'_Hun ~ | Resultsets: 3
Conf idence: 0.05 (two tailed)
Caolumn key fields [ Select kevs ... ] Oate: 4. 5. 16. &= 3:72
Comparizon field |Perc:er1t_c:nrrel::t R |
Sheriieemes | oos | Dataset (1) rules.On | (2) trees (3) rules
Test base [ Select base.. ] iris (103 94 .51 | 94.9 33.33

Showe std. dewiations [ ]

Skipped:
aﬁerfnrm test ] [ Save output ]
=l list Kesw:

(KT I | (041,07 (050417

15:02:10 - Available resultsets

(1} rules.OneR "-B B° -2459427002147561445
(2) trees. 48 "-C 0.25 -M 2 -2177351653393644444
(3} rules.feroR "' 45055541465567354




Experiment — better or worse

m  Analysing: Percent_correct

m Datasets: 1

m Resultsets: 3

m  Confidence: 0.05 (two tailed)

m Date: 04. 5. 16IB:2

m Dataset (1) rules.On | (2) tréBg@les
. ____________________________________
miris (10) 94.51| 94.933.33&
X \
n (v/ *)| (0/2/0) (0/0/1)

m  Skipped:

m  Key:

m (1) rules.OneR '-B 6' -2459427002147861445
m (2)trees.J48 '-C 0.25 -M 2' -217733168393644444
m  (3) rules.ZeroR " 48055541465867954



Experiment - summary

Analysing: Percent_correct
Datasets: 1

Resultsets: 3

Confidence: 0.05 (two tailed)
Date: 04. 5. 16IB8:20

a b c (No. of datasets where [col] >> [row])

-00 ]| a=rules.OneR '-B 6'-2459427002147861445
0-0|b=trees.J48'-C 0.25 -M 2'-21773316839384
11-]|c=rules.ZeroR " 48055541465867954



" I
Experiment - ranking

Analysing: Percent_correct
Datasets: 1

Resultsets: 3

Confidence: 0.05 (two tailed)
Date: 04. 5. 16IB8:23

>-< > < Resultset

1 1 Otrees.J48'-C 0.25-M 2'-217733168393844
1 1 Orules.OneR '-B 6'-2459427002147861445
-2 0 2rules.ZeroR " 48055541465867954



